Journal of Behavioral and Applied Management
2025, Vol. 25, No. 1, 3-12
https://jbam.scholasticahq.com/

JBAM

ARTICLE

Exploring New Technology-Based Employee Deviant Work Behaviors

Gary Blau

Temple University

Kyle Stephens

Temple University

Published academic research on deviant work behavior (DWB) has generally fallen behind on in-
corporating technology, along with newer work generations and alternative work environments. In
this study, a revised construct of DWB, i.e., technology-based deviant work behavior is defined
(TbDWB), and a new 18-item TbDWB measure with three related but distinct and reliable scales is
offered: Tb Time Abuse Deviance (3 items), Tb Communication Deviance (4 items), and Tb Pro-
duction Deviance (11 items). Using an anonymous self-report online survey, supportive reliability
and validity data for these three scales is found using two separate split complete-data samples
(Sample 1, n = 643, Sample 2, n = 585). Data integrity checks resulted in the loss of 30% of the
overall sample. Some support was also found for the discriminant validity of these scales from the
Robinson and Bennett (2000) Interpersonal Deviance and Organizational Deviance scales, compar-
ing the samples across three generations (Generations Z, Y, X) as well as work environments
(remote, hybrid, in-person). A promising new TbDWB measure, more broadly incorporating the

role of technology in the workplace, is offered to further DWB research.

Employee deviant work behavior (DWB) has been de-
fined as “voluntary behavior that violates significant or-
ganizational norms, and in doing so, threatens the well-
being of the organization or its members” (Robinson &
Bennett, 1995, p.556). One estimate for the cost of DWB
in the United States (US) was $759 billion dollars per
year (Martin et al., 2010). It can be argued that all forms
of employee deviant work behavior involve some sort of
time theft, i.e., employees being paid for time not spent
engaged in productive activities at work (Harold et al.,
2022). Hu et al. (2023) cited research where it has been
estimated that approximately 75% of US businesses are
affected by some type of employee time theft, costing
approximately 20% of each dollar earned. As such, DWB
represents a critical challenge for businesses.

The purpose of this study is twofold: first, briefly re-
view the literature on DWB to propose developing and
testing an updated technology-based DWB measure, fol-
lowing guidance on scale development research (Hinkin,
1998; Lambert & Newman, 2023). Second, to compare
this new updated DWB measure to Robinson and Ben-
nett’s (2000) DWB measure, highlighting generation and
work environment comparisons. Given the exploratory
nature of this study, two research questions and not for-
mal hypotheses will be stated.

Literature Review—Robinson and Bennett DWB-
Related Research

The gold standard scale for DWB research has been
Robinson and Bennett’s (R&B) (2000) measure, com-
prised of two related but distinct scales, a seven-item
measure of Interpersonal Deviance (R&B_ID), item e.g.,
“made fun of someone at work” and a twelve-item meas-
ure of Organizational Deviance (R&B_OD), e.g., “taken
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property from the organization without permission.”
These items have been rated on a 7-point frequency be-
havior scale, asking how often a respondent engaged in
each behavior in the last year, where 1 (never),
2 (once a year), 3 (twice a year), 4 (several times a year),
5 (monthly), 6 (weekly), and 7 (daily). Prior conceptual
work by Bennett and Robinson (1995) formed the basis
for this scale development in which four types of DWB
were distinguished — production deviance, political devi-
ance, property deviance and personal aggression. Peterson
(2002) developed a separate measure of DWB, based on
Bennett and Robinson’s (1995) four-quadrant typology
consisting of three items measuring each type of DWB.
More recent DWB research has most consistently applied
either the formal Robinson and Bennett (2000) measures
(e.g., Koopman et al., 2020; Liu et al., 2021; Pletzer et al.,
2023), or the four types of DWB proposed by Bennett and
Robinson, 1995), e.g., Dang-Van et al. (2022). However,
other measures of DWB have been developed.

Newer Forms of DWB Types

Citing the difficulty of combining more minor DWBs
(e.g., coming late to work, acting rudely towards some-
one) with more serious DWBs (e.g., stealing from the
organization, illegal drug use on the job) to collectively
measure DWB, Spector et al. (2006) created a 45-item
Counterproductive Work Behavior (CWB) measure,
where CWB involves employee behaviors that are inten-
tional and harm or intend to harm an organization and/or
organization stakeholders, such as employees, customers,
and supervisors (Spector & Fox, 2005). The 45-item
CWB measure is composed of five specific DWB scales,
i.e., abuse towards others, production deviance, sabotage,
theft, and withdrawal, with items measured on a more
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constrained five-point behavioral scale from 1 = never to
5 = daily. Spector et al. (2006) further combined their
scales into more general measures, CWB-O (directed
against the organization) and CWB-P (directed against
people). In their meta-analysis of studies comparing inter-
personal and organizational dimensions of DWB (n = 66
studies) and CWB (n = 20 studies), Thrasher et al. (2020)
concluded that the interpersonal and organizational di-
mensions were more distinct within DWB than CWB.

Cyberloafing or cyberslacking (Tandon et al., 2022) has
emerged as a specific form of DWB, initially conceptual-
ized as an employee using an organization’s internet re-
sources for reasons unrelated to their assigned work (Lim,
2002). An example of a cyberloafing scale is Henle and
Blanchard (2008), where survey participants were in-
structed to answer 15 items (1=never to 5 = a great deal),
reporting personal computing use during regular work
hours (e.g., checked non-work-related email, downloaded
music). Cyber incivility (Torres et al., 2024) has also
emerged as a new form of DWB in a remote work setting,
where employees are technologically connected through
various mechanisms, e.g., email, texting, instant messag-
ing, zoom meetings. In their qualitative analyses of 502
critical incidents by 257 service employees which showed
cyber incivility, three general content themes emerged:
sense of reproach (e.g., demeaning), sense of aggression
(e.g., foul language), and lack of regard (e.g., interrupt-
ing). Yuan et al. (2020) focused on a specific type of
DWB cyber incivility, e-mailing. In distinguishing be-
tween active email (e.g., sending a rude comment) versus
passive e-mail (e.g., ignoring a request) incivility, Yuan et
al. (2020) found that while active e-mail incivility led to
greater emotional appraisals, passive e-mail incivility was
positively related to insomnia. Time theft was mentioned
earlier as a generalized form of DWB (Harold et al.
2022), and Harold et al (2022) developed a 15-item time
theft scale, broken down into five dimensions — unsanc-
tioned breaks, falsifying work hours, manipulating the
speed of work, excessive socialization, and spending
work on nonwork. This scale has been further validated
(Hu et al., 2023). However, the scale is restricted to hour-
ly worker samples and its item content is non-
technological.

Even more recent forms of specific DWBs have
emerged, linked to the Covid-19 pandemic and post-
pandemic effects (e.g., great resignation), such as quiet
quitting and coffee badging. Quiet quitting involves em-
ployees who intentionally limit their work by doing the
minimum required. Recent scales for measuring this have
been developed by Galanis et al. (2023) and Anand et al.
(2024). Galanis et al. (2023) developed a 9-item measure
of quiet quitting, further broken down into three sub-
scales, i.e., detachment, “I take as many breaks as I can”,
lack of initiative, “I don’t express opinions or ideas about
my work because I am afraid the manager assigns me
more tasks” and lack of motivation, “I feel inspired when
I work” (reverse-scored). Seven of the nine items us a 5-
point response scale, where 1= strongly disagree to 5 =
strongly agree, while two items are framed as questions,
e.g., “how often do you take initiative at your work” and
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use a S-point frequency-based response scale, 1 = never to
5 = always. Anand et al. (2024) developed a 7-item scale,
using a 1 = completely disagree to 5 = completely agree
response scale, sample item, “I do the bare minimum
work to avoid being fired (Anand et al., 2024). As a grow-
ing resistance to return- to-office mandates by companies
(Ding & Ma, 2024) coffee badging has emerged as a form
of DWB. Although no formal academic research has been
published (to the authors’ knowledge), coffee badging
involves an employee who must report to work, “showing
up” briefly for a cup of coffee to then exit the office as
quickly as possible to go back to working remotely
(Resources for Employers, 2023).

General Critique of Prior DWB Research

What the prior above-mentioned DWB measures have
in common as a general limitation is not basing DWBs on
emerging technology (except for cyberloafing and cyber
incivility), or considering work environment, and genera-
tion as comparison variables for types of DWB. The
Covid-19 pandemic led to increased work environment
options for many, including fully remote work, or hybrid
work, representing some combination of remote and in-
person office work. The publication dates for much prior
DWB research made it difficult to include more recent
employee generations (Parker et al., 2020, i.e., Generation
Z, born 1997 or later and Generation Y, born between
1981 to 1996), or different work environments, e.g., re-
mote, hybrid. This leads to proposing an updated ap-
proach to include these more recent comparison variables,
while measuring technology-based DWB.

An Updated Technology-Based DWB Definition and
Measure Development

Grounded in Bennett and Robinson’s (1995) initial
DWB conceptualization, technology-based deviant work
behavior (TbDWB) is defined as “an employee’s volun-
tarily using organizational technology to engage in behav-
ior that violates significant organizational norms.” As
such, this definition is meant to be broader than focusing
on a particular type of DWB, e.g., cyber incivility (Torres
et al., 2024). A construct definition of TbDWB is manda-
tory (Lambert & Newman, 2023) before the process of
scale development can begin. This process involves vari-
ous steps, including operationalizing the construct by gen-
erating items, expert item assessment for their validity,
collecting data to initially determine content valid scales,
including their reliability, and then confirming the validity
of the construct through additional measurement (Bennett
& Robinson, 2000; Hinkin, 1998; Lambert & Newman,
2023). This criterion is what Colquitt et al. (2019, p.
1243) have collectively defined as “definitional corre-
spondence,” the degree to which a scale’s items corre-
spond to the definition of the construct. This leads to the
study’s first research question:

RQI. Can distinct and reliable ThODWB scales be created?

Comparing the R&B_ID and R&B_OD Scales to an
Updated ThDWB Measure

The two Robinson and Bennett (2000) scales still domi-
nate DWB measures in contemporary DWB literature. For
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example, as noted earlier, Thrasher et al.’s (2020) meta-
analysis compared 66 DWB studies using R&B_ID and
R&B_OD scales versus 20 CWB studies using the CWB
measure (Spector et al., 2006). By comparing an updated
TbDWB measure to R&B ID and R&B _OD this will
account for Colquitt et al.’s (2019, p. 1243) second criteri-
on for scale evaluation, “definitional distinctiveness,” i.e.,
the degree to which a new scale’s items correspond more
to the construct’s definition than to definitions of other
orbiting constructs. Direct comparison between DWB
scales will be made for the created TbDWB scales to the
two Robinson and Bennett (2000) scales.

RQ2a. What is the relationship between the two Robinson and
Bennett DWB scales to new TbDWB scales?

Generation and Work Environment “Gap” in Using
Broader Technologically Based DWB Measures

Working with a sample of 328 full-time, in-person non-
managerial employees from energy-based companies in
Pakistan, Abbasi et al. (2024) found that perceived corpo-
rate environment irresponsibility (e.g., pollution) was
positively related to DWBs, with Generation Z employees
exhibiting greater DWBs than Millennials. The DWBs
were measured using more “traditional” in-person DWB
behaviors, e.g., employee theft, sabotage coming to work
late, taking long breaks, and absenteeism (Bennett & Rob-
inson, 2000). In a separate study also focusing on per-
ceived corporate social irresponsibility but comparing full
-time, in-person 272 Millennials and Genneration Z non-
managerial textile workers, Abbasi et al. (2024) also
found that Generation Z employees exhibited greater
DWBs than Millennials, using in-person traditional
DWBs (Bennett & Robinson, 2000). Studying a sample of
new nurses (less than one year of work experience) across
five hospitals in China, Meng et al. (2024) found that or-
ganizational justice was negatively related to DWB, while
emotional labor was positively related to DWB. Again,
traditional in-person DWBs were used. Although age was
not reported, it can be assumed that as new nurses with
less than one year of work experience, most were proba-
bly Generation Z (born 1997 or later). Such research indi-
cates a generation and work environment “gap” in not
using more up-to-date broader technologically-based
DWB measures. The above-cited research suggests test-
ing the following research question (RQ) below:

RQ2b. Are there differential relationships of generation and
work environment to the TbDWB scales versus the Rob-
inson and Bennett scales?

Method

Sample and Data Collection

The research site was a large business school located in
a Mid-Atlantic US public university, and two anonymous
Qualtrics surveys were used, with permission from the
University Institutional Review Board (9/15/24 approval
letter). The first survey collected all relevant study varia-
bles, along with verification of a human (not bot) survey
response, consent to voluntary participate statement, par-
ticipants stating they were currently working at least part-
time, and being at least 18 years of age. If any of these

requirements were not met, a respondent was not allowed
to proceed with the first survey. There were also three
“authentication check” items embedded in the first survey
at different points, to try and ensure that respondents were
not giving fraudulent responses, i.e., paying attention as
they answered the survey items, especially since a mone-
tary incentive for participation was involved. If a respond-
ent missed at least two of the authentication check items
they were automatically dismissed from answering addi-
tional survey items. Only respondents who answered at
least two of three authentication check items correctly
were eligible for money incentive participation. Upon this
first survey completion, respondents were then taken to a
second survey, via a separate Qualtrics survey link, where
they were allowed to give their email address for a subse-
quent random drawing of 20 Amazon gift cards worth
$50. each. The separate surveys preserved the anonymity
of the first survey responses. These precautions, i.e., use
of bot-identifying item (via Completely Automated Public
Turing test to tell Computers and Humans Apart or CAP-
TCHA), authentication check items, and unique second
survey link, were all designed to ensure the highest level
of online survey data integrity possible (Goodrich et al.,
2023).

The data collection period spanned from mid-
September 2024 to mid-December 2024, approximately
three months. Various recruitment strategies were used to
enlist respondents including repeat email and in-person
appeals to: Management Department faculty at the public
university, student business school professional organiza-
tion members, and use of LinkedIn and Facebook by the
authors as well as students enrolled in the business
school’s doctoral business administration program. Snow-
ball sampling, to have participants recruit other partici-
pants, was also encouraged. Ultimately, 1747 survey re-
sponses were recorded. Of these 1747 responses, 1228
(70%) were successfully completed for inclusion in this
study. The 1228 complete data responses were randomly
split into two samples (Sample 1, n = 643, Sample 2, n =
585) for the data analyses described below. The remain-
ing 519 responses, (30%), i.e., “incomplete data”, could
not be included due to a combination of authentic item
disqualification and missing data.

Measures

ThDWB Instrument Development

Following prior scale development research recommen-
dations (Harold et al., 2022; Hinkin, 1998; Lambert &
Newcombe, 2023), the following general phases were
performed: item generation; item review and selection;
pilot survey work; survey administration/initial item re-
duction; exploratory factor analysis on one sample; con-
firmatory factor analysis on a second independent sample;
and convergent and discriminant validity assessment. For
the item generation stage, a group of working Generation
X, Y, and Z managers and employees were asked to gen-
erate a list of observed deviant work behaviors, i.e., be-
haviors where an employee voluntary used organizational
technology to engage in behavior that violated significant
organizational norms. 30 items were collectively generat-
ed.
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These 30 items were reviewed by several different
judges, i.e., academic professors and doctoral students,
practicing managers, and working employees. These judg-
es independently reviewed these items for consistency
with the definition of voluntary technology-based devi-
ance violating organizational norms, as well as item clari-
ty, and behavior relevance to a wide variety of jobs. These
reviews were submitted to the authors, and final determi-
nation was made to keep 21 of the 30 items for further
analysis (9 items were deleted). Pilot survey work was
then done in several phases with independent groups of
potential respondents (n = 35 total), resulting in multiple
survey revisions, including: item wording clarity, the use
of answer sliders, breaking up survey sections for easier
readability, giving more specific examples of deviant be-
haviors, transition to second independent reward eligibil-
ity survey, and time to complete the first survey (average
time 17 minutes).

The 21 items identified above were kept for the final
survey. The same self-report 7- point behavioral anchors
for items were used as the Robinson and Bennett (200)
items to allow direct comparison. In their meta-analytic
comparison of self-reports of CWBs to supervisor or co-
worker reports, Berry et al. (2012) concluded that self-
reports were a viable source of DWBs. These 21 items
were then reduced via data analysis as described below, as
well as the subsequent scale development steps. The addi-
tional measures also used in this study are given below.

Robinson and Bennett Scales

The 7-item Interpersonal Deviance (R&B_ID) and 12-
item Organizational Deviance (R&B_OD) scales were
used, with their behavior frequency response scales, 1 =
never to 7 = daily. This 7-point response scale, with the
same past year time frame, was used for the new TbDWB
items. For this study, the scale reliabilities (coefficient
alpha), were: Sample 1, R&B_ID @ = .92; R&B OD @
.93 and Sample 2, R&B ID @ = .90; R&B OD @
91.

Generation

Respondents were asked which generation they most
identified with and five choices were given (Parker et al.,
2020): Generation Z (born after 1996); Generation Y
(born 1981 - 1996); Generation X (born 1965 - 1980);
Baby Boomer (born 1946 — 1964) and Silent Generation
(born 1926-1945).

Work Environment

Respondents were asked what is your current work en-
vironment for your job, and three choices were given:
completely remote, hybrid (some combination of remote
and in-person and completely in-person).

Additional Demographic Variables

Additional variables were asked, i.e., employee age,
employee gender, race, highest degree of education level,
work experience, industry, does the company have a re-
turn-to-office policy, full-time (hours), part-time (hours).
To conserve text space the response scales for each of
these variables, and respondent percentage answers, are
listed in Table 1.

Data Analysis

In order to test RQ1(can distinct and reliable TbDWB
scales be created?), exploratory factor analysis (EFA) was
used, along with initial reliability and correlation tests.
This was followed by confirmatory factor analysis (CFA).
In order to test RQ2a (what is the relationship between the
two Robinson and Bennett DWB scales to new TbDWB
scales?) direct correlation comparisons were made. Final-
ly, to test RQ2b (are their differential relationships of
generation and work environment to the TbDWB scales
versus the Robinson and Bennett scales?), paired sample t
-tests comparisons were carried out. SPSS-PC, v.29
(SPSS, 2021) was used for the EFA, correlation, reliabil-
ity, and paired sample t-tests, and Amos, v. 29 (SPSS,
2021), was used for the CFA.

Results

Demographic Variables—Sample 1 versus Sample 2

Table 1 shows a demographic variable comparison of
the complete data for Sample 1 (n = 643) versus Sample 2
(n = 585). Sample creation was based on a random split-
ting of the overall sample, using SPSS (SPSS 2021). An
overview breakdown shows that both samples are approx-
imately equal in terms of age, gender, generation, race,
highest degree of education level, work experience, indus-
try worked, current work environment, return-to-office
policy requirement, and full-time versus part-time work-
ing. A comparison of the complete to incomplete data,
(30%) indicated no significant demographic variable dif-
ferences.

Tests of Research Questions

Using Sample 1 (n = 643), an EFA on the self-reported
21 TbDWB items was conducted, using principal axis
factor analysis with varimax rotation, and a scree test to
determine the number of factors (Costello & Osborne,
2005; Hinkin, 1998). Strong factor loadings of at least .60
with a cross-loading differential of at least .15 were used
as criteria for determining an item to be part of a factor, as
well as selected items representing the content domain
(Lambert & Newman, 2023) of the underlying construct
(factor). Based on this, 18 of the 21 items were selected,
representing three different TbDWB factors, named;
Technology-based Production Deviance (TbPD), Tech-
nology-based Communication Deviance (TbCD) and
Technology-based Time Abuse Deviance (TbTAD).
TbPD consisted of 11 items, i.e., #2, 5, 8, 9, 10, 11, 13,
14, 17, 20 and 21; TbCD consisted of four items, i.e., #6,
7,12, and 19; and TbTAD, consisted of 3-items, i.e., #1, 3
and 4. Three items were deleted due to either insufficient
loading or cross-loading problems, i.e., items #15, 16 and
18. The scale reliabilities for each scale (coefficient al-
pha) were: TbPD = .94; TbCD = .84; and TbTAD = .80,
all exceeding the recommended cutoff of .70 (Hinkin,
1998) (Table 2).

This EFA analysis was followed by a CFA analysis on
the second independent sample (n = 585). Results indicat-
ed that the three-factor (18-item) TbDWB model showed
a good fit to the data (Jackson et al., 2009), i.e., ¥2(132) =
548.68; CFI = .96; TLI = .95; RMSEA = .06, with item
variance estimates all exceeding .50 and no model modifi-
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Table 1
Nominal Complete Data Demographic and Work Background Variables for Both Samples
Sample 1 Sample 2

Variable (n=643) (n=585)

Employee age (years) M=34.33,SD=9.95 M=33.89, SD=9.58

Gender with which you most identify
Female 328 (51%) 288 (49%)
Male 313 (49%) 296 (51%)
Non-binary/third gender 2 1

Generation with which you most identify
Generation Z (born after 1996) 183 (29%) 164 (28%)
Generation Y (born 1981-1996) 315 (49%) 308 (53%)
Generation X (born 1965-1980) 125 (19%) 99 (17%)
Baby Boomer (born 1946-1964) 17 (3%) 13 (2%)
Silent Generation (born 1926-1945) 3 1

With what race do you predominantly identify?
White or Caucasian 468 (73%) 450 (77%)
Black or African American 101 (16%) 82 (14%)
Asian 33 (5%) 23 (4%)
Hispanic 22 (3%) 15 (3%)
Mixed race 19 (3%) 15 (3%)

Highest degree of education
High School diploma or equivalent 45 (7%) 51 (9%)
Associate degree 73 (11%) 47 (8%)
Some college (junior or senior) 138 (22%) 143 (25%)
Bachelor’s degree 261 (41%) 248 (42%)
Master’s degree 93 (15%) 71 (12%)
Doctoral degree (e.g., PhD, DBA) 19 3%) 18 (3%)
Professional degree (e.g., JD, MD) 14 (2%) 7 (1%)

Work experience (years) M=12.51,SD=9.49 M=12.11, SD=8.75

Which industry best describes where you currently work?
Technology 146 (23%) 122 (21%)
Healthcare 103 (16%) 83 (14%)
Finance 123 (19%) 136 (23%)
Education 91 (14%) 77 (13%)
Manufacturing 98 (15%) 85 (15%)
Government 11 (2%) 10 (2%)
Other (e.g., hospitality, insurance, legal, retail, construction) 71 (11%) 72 (12%)

What is your current work environment?
Completely remote 89 (14%) 76 (13%)
Hybrid (some combination of remote and in-person) 356 (55%) 323 (55%)
Completely in-person 198 (31%) 186 (32%)

Does your company have some type of formal

return-to-office (RTO) policy in place that affects your job
No 355 (55%) 326 (56%)
Yes 288 (45%) 259 (44%)

cations necessary. Table 3 presents the item variance esti-
mates using CFA for the 18 TbDWB items. The scale
reliabilities for each scale (coefficient alpha) for this sec-
ond sample were: TbPD = .95; TbCD = .85; and TbTAD
=.82.

Table 4 presents the Means, Standard Deviations, and
Correlations for the three TbDWB scales, as well as the
two R&B scales. The diagonal in the matrix separates
Sample 1 versus Sample 2 correlations. Using paired sam-
ple t-tests for each sample, the means for the TbTAD
scale (Sample 1, M = 3.01, Sample 1, M = 3.07) are sig-
nificantly higher (p < .01, two-tailed) than corresponding
means for the TbCD (Sample 1, M = 1.93, Sample 2, M =
2.63) and TbPD (Sample 1, M = 2.33, Sample 1, M =
2.34) scales. In addition, the ThTAD scale mean is higher
than both Robinson and Bennett scales (p < .01, two-
tailed): Sample 1, R&B ID, M = 2.34; R&B OD, M =
2.48; Sample 2, R&B ID, M = 2.38; R&B OD, M =
2.53. The correlation results between these three ThODWB

scales show high intercorrelations for both samples, with
arange fromr= .62 tor=.82, withameanr=.71 (712 =
50% overlap). Despite this scale overlap, the results for
Table 2, 3 and 4 combined show support for RQ1 — dis-
tinct and reliable TODWB scales can be created.

Correlation results are also presented in Table 4 to test
RQ2a — what is the relationship between the two Robin-
son and Bennett DWB scales to new TbDWB scales?
First, it should be pointed out that the R&B ID and
R&B _ID scales are strongly correlated across both sam-
ples (Sample 1, r = .88; Sample 2, r = .86). The overall
correlations between the three TbDWB scales to the two
Robinson and Bennett DWB scales across both samples is
high, with the strongest correlations found for TbPD,
Sample 1, r = .85, R&B_ID and r = .87, R&B_OD; Sam-
ple 2, r = .85, R&B _ID and r = .88, R&B_OD; with
somewhat weaker correlations found for TbTAD, Sample
1, r=.63, R&B ID and r = .69, R&B_OD; Sample 2, r
= .61, R&B ID and r = .71, R&B_OD. The correlations
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Table 2

Principal Axis Factor Analysis (Varimax Rotation)

Item

Deviance factor

Production Communication Time abuse

1. Excessive personal internet use during work hours

2. Using 'Zoom or other internet fatigue' as an excuse to avoid required virtual

meetings or work tasks
3. Spending disproportionate amounts of time on social media platforms
during work hours
4. Regularly engaging in online shopping during work hours
5. Using technology to work unauthorized irregular hours or weekends
6. Marking oneself as available on communication platforms while being
absent or engaging in personal activities
7. Engaging in excessive personal activities (e.g., cooking, personal mail,
cleaning during work meetings
8. Using email or text to indirectly express hostility or undermine/discredit
work colleagues in some way
9. Faking illness or mental health issues to avoid work responsibilities while
working remotely
10. Using screen-sharing functions to subtly display inappropriate content or
private messages
11. Recording virtual meetings without consent to use against colleagues or
managers later

12. Pretending to attend virtual meetings while not actually paying attention or

participating

13. Consistently ignoring company communication protocols (e.g., digital
etiquette)

14. Unauthorized access to colleagues’ shared files or emails out of curiosity
or malice

15. Engaging only in virtual meetings, and avoiding in-person meetings or
vice versa®

16. Deliberately delaying responses to work-related emails or messages®

17. Using software or tools to simulate activity while not actually working

18. Using remote work allowances to take excessively long or frequent breaks?®

19. Using within company communication tools (e.g., Teams) for extensive
personal conversations
20. Altering digital performance metrics or logs to appear more productive
than reality
. Only participating in high-visibility remote-related tasks, while ignoring
routine responsibilities

2

—_

07 22 84
73 37 21
22 24 81
35 23 69
.60 39 32
33 .65 33
31 .66 40
78 23 25
75 20 33
80 27 18
78 24 20
37 .66 35
75 34 20
81 28 15
61 51 18
45 40 47
63 A7 23
51 48 36
46 .64 20
72 38 17
.66 A4 19

Note. n = 643. Numbers in bold indicate dominant factor loadings. Referent — “Using the response scale below, please indi-
cate how frequently you have engaged in the following behaviors at work:” 1=never, 2=at least once a year, 3=at least twice
a year, 4=several times a year, S=monthly, 6=weekly, 7= daily. Three deviance factors: Factor 1 — Technology-based pro-
duction deviance, 11 items, #2, 5, 8,9, 10, 11, 13, 14, 17, 20, 21, Factor 2 — Technology-based communication deviance, 4
items, #6, 7, 12, 19, Factor 3 — Technology-based time abuse, 3 items, #1, 3, 4. “Items #15, 16 and 18 removed from further

analyses due to cross-loadings or insufficient loading problems.

between TbCD to both R & scale scales fall in-between
Tb PD and TbTAD, i.e., Sample 1, r=.75,R&B_ID and r
= .81, R&B_OD; Sample 2, r =.77, R&B_ID and r = .82,
R&B_OD. The mean correlation between the TbODWB to
R&B scales across samples is r = .77 (.772 = 59% over-
lap). The 41% unshared variance (100% - 59%) indicates
there is at least some discriminant validity between the
Robinson and Bennett DWB scales versus the three new
TbDWRB scales, but there is weaker support for RQ2a.

The final RQ2b asked, are their differential relation-
ships of generation and work environment to the TbDWB
scales versus the Robinson and Bennett scales? Paired-
sample t-testing was used for each Sample, comparing
DWRB scale means, first for generation (Table 5) and then
work schedule (Table 6). The results for Table 5
(generation) are limited to comparing Generations Z, Y,
and X. Across both samples and all three generation,
TbTAD had a higher mean than the R&B scales. The re-

sults for the TbCD scale are more mixed, with Sample 2
showing the TbCD means to be generally higher across
generations than both R&B scales, but the opposite pat-
tern is true for Sample 1. The results for the TbPD scale
across both samples generally show no generational dif-
ferences in means with the R&B _ID scale, but a some-
what stronger pattern with the R&B OD mean higher
than the TbPD mean, where a difference was found.

For work environment (remote, hybrid, in-person),
across both samples and all three work environments,
TbTAD had a higher mean than the two R&B scales. The
results for TbCD are more mixed, for Sample 2 if there is
a mean difference, TbCD was higher than the two R&B
scales, but the opposite pattern was found for Sample 1
(TbCD being lower). For TbPD, there are mixed results
for the remote and hybrid work environment scale com-
parisons, but for the in-person work environment, both
R&B scales are higher across samples than TbPD. Based
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Table 3

Confirmatory Factor Analysis for 18 Technology-Based Deviant Work Behavior Items with Item Variance Estimates

Variance

Item estimate®
1. Excessive personal internet use during work hours .60

2. Using 'Zoom or other internet fatigue' as an excuse to avoid required virtual meetings or work tasks .66

3. Spending disproportionate amounts of time on social media platforms during work hours .59

4. Regularly engaging in online shopping during work hours .65

5. Using technology to work unauthorized irregular hours or weekends .62

6. Marking oneself as available on communication platforms while being absent or engaging in personal activities .70

7. Engaging in excessive personal activities (e.g., cooking, personal mail, cleaning during work meetings .68

8. Using email or text to indirectly express hostility or undermine/discredit work colleagues in some way .67

9. Faking illness or mental health issues to avoid work responsibilities while working remotely 71

10. Using screen-sharing functions to subtly display inappropriate content or private messages .65
11. Recording virtual meetings without consent to use against colleagues or managers later .65
12. Pretending to attend virtual meetings while not actually paying attention or participating .66
13. Consistently ignoring company communication protocols (e.g., digital etiquette) .64
14. Unauthorized access to colleagues’ shared files or emails out of curiosity or malice .59
15. Using software or tools to simulate activity while not actually working 54
16. Using within company communication tools (e.g., Teams) for extensive personal conversations .60
17. Altering digital performance metrics or logs to appear more productive than reality .66
18. Only participating in high-visibility remote-related tasks, while ignoring routine responsibilities .55

Note. n = 585. *Variance estimates for each item.

Table 4
Means, Standard Deviations, and Correlations of Continuous Variables for Samples 1 and 2
Deviance variable® M SD M SD 1 2 3 4 5

1. R&B Interpersonal 234 144 238 144 - BO¥*  61**  TT7RE B5¥*

2. R&B Organizational 248 1.37 2.53 140 .88** - A S LR

3. Tb Time abuse 3.01° 1.62 3.07° 1.64 .63%*  69%* - 69%*  63%*

4. Tb Communication 193> 1.18 2.63> 1.53 .75%% 81*k  70** - 82%*

5. Tb Production 2330 149 2.34P 150 .85k g7k 62k Q% -

Note. Sample 1, n = 643; Sample 2 n = 585; Sample 1 correlations below diagonal, Sample 2 correlations above diagonal.
aR&B interpersonal deviance (R&B_ID), R&B organizational deviance (R&B_OD), Tb time abuse deviance (TbTAD), Tb
communication deviance (TbCD), Tb production deviance (TbPD), 1=never, 2=at least once a year, 3=at least twice a year,
4=several times a year, S=monthly, 6=weekly, 7=daily. b Tb Time Abuse Deviance Mean (in bold) significantly higher than
the two other TbDWB scales in both samples at p < .01 (two-tailed); Sample 1 — TbTAD versus Tb CD, t(642) = 14.84,
TbTAD versus Tb PD, t(642) = 14.59; Sample 2 — TbTAD versus Tb CD, t(584) = 10.95, TbTAD versus Tb PD, t(584) =

15.92. #* p <.01 (two-tailed).

on their publication date (Robinson & Bennett, 2000), and
lack of work environment data, it is assumed that all par-

ticipants worked in-person. Overall, there is partial sup-
port for RQ2b.

Discussion

The recent Covid-19 pandemic and post-pandemic has
led to increased work environment options for many, in-
cluding fully remote work, or hybrid work, representing
some combination of remote and in-person office work.
Remote work requires technology. The publication dates
for much DWB research focused on in-person samples
and also made it difficult to include more recent employee
generations (Parker et al., 2020, i.e., Generation Z, born
1997 or later and Generation Y, born between 1981 to
1996). These gaps led to proposing an updated approach
to measuring technology-based DWB. Technology-based
deviant work behavior (TbDWB) was defined as “an em-
ployee’s voluntarily using organizational technology to
engage in behavior that violates significant organizational
norms.” Study results show a promising new 18-item

TbDWB measure with three related but distinct and relia-
ble scales: TbTAD (3 items), TbCD (4-items), and TbPD
(11-items). This supports Colquitt et al.’s (2019, p. 1243)
“definitional correspondence,” the degree to which a
scale’s items correspond to the definition of the construct.
The TbPD scale directly adopts Bennett and Robinson’s
(1995) “production deviance” DWB model component. In
addition, items in the TbPD scale (e.g., #8, 13, 14) capture
active and passive e-mail incivility (Yuan et al., 2020).

However, the evidence for Colquitt et al.’s (2019, p.
1243) second criterion for scale evaluation, “definitional
distinctiveness,” i.e., the degree to which a new scale’s
items correspond more to the construct’s definition than
to definitions of other orbiting constructs, is more mixed.
The TbTAD scale showed the strongest correlational dis-
tinctiveness, as well as generation-based and work envi-
ronment-based distinctiveness from both the Robinson
and Bennett (2000) Interpersonal Deviance and Organiza-
tional Deviance scales. The TbCD scale distinctiveness
was weaker, and the TbPD scale was the weakest. All
forms of DWB involve some sort of time theft (Harold et



10

Table 5

Gary Blau and Kyle Stephens

Paired Sample T-tests Comparing Three New Technology-Based Deviant Based Scales versus Robinson and Bennett Scales

for Three Generations

Sample
1 (n=643) 2 (n=585)
Mean Mean )4

Deviance subtraction #(df) (two-tailed) subtraction t(df) (two-tailed)
Generation Z scale comparison

Tb Time abuse—R&B Interpersonal 3.04-2.06 8.77(182) p <.001 3.20-1.98 9.49(163) p <.001

Tb Time Abuse—R&B Organizational 3.04-2.35 6.88(182) p<.001 3.20-2.28 8.54(163) p<.001

Tb Communication—-R&B Interpersonal 1.79-2.06 -3.64(182) p<.001 2.29-1.98 3.19(163) p=.002

Tb Communication-R&B Organizational ~ 1.79-2.35 -9.04(182) p<.001 2.29-2.28 11(163) p<.92

Tb Production—R&B Interpersonal 2.06-2.06 .09(182) p<.94 1.82-1.98  -2.45(163) p=.02

Tb Production—R&B Organizational 2.06-2.35 -5.56(182) p.<.001 1.82-2.28  -7.19(163) p.<.001
Generation Y scale comparison

Tb Time Abuse—R&B Interpersonal 3.12-2.63 6.91(314) p<.001 3.17-2.71 6.45(307) p<.001

Tb Time Abuse—R&B Organizational 3.12-2.64 7.03(314) p<.001 3.17-2.77  6.18(307) p<.001

Tb Communication—-R&B Interpersonal 2.10-2.63 -9.47(314) p<.001 2.92-2.71 3.98(307) p<.001

Tb Communication-R&B Organizational ~ 2.10-2.63  -11.71(314) p<.001 2.92-2.77 3.18(307) p=.002

Tb Production—R&B Interpersonal 2.57-2.63 -1.04(314) p=.30 2.67-2.71 -.95(307) p<.34

Tb Production—R&B Organizational 2.57-2.64 -3.64(314) p=.30 2.67-2.77  -2.94(307) p=.004
Generation X scale comparison

Tb Time Abuse—R&B Interpersonal 2.60-2.00 6.40(124) p<.001 2.74-2.12 6.00(98) p<.001

Tb Time Abuse—R&B Organizational 2.60-2.25 4.58(124) p<.001 2.74-2.36 4.42(98) p<.001

Tb Communication-R&B Interpersonal 1.69-2.00 -4.10(124) p<.001 2.48-2.12 3.99(98) p<.001

Tb Communication-R&B Organizational 1.69-2.25 -8.92(124) p<.001 2.48-2.36 1.66(98) p=.10

Tb Production—R&B Interpersonal 2.10-2.00 1.26(124) p<.11 2.28-2.12 1.93(98) p=.05

Tb Production—R&B Organizational 2.10-2.25 -3.08(124) p=.003 2.28-2.36 -1.47(98) p<.15

al., 2022), employees being paid for time not spent en-
gaged in productive activities at work. However, the dif-
ference between the time theft scale developed by Harold
et al. (2022) and the three new TbDWB scales presented
here is that the Harold et al. (2022) time theft scale is re-
stricted to hourly workers and has a non-technological
item-based content. As such the three new ThDWB scales
show definitional distinctiveness from the Harold et al.
(2022) time theft scale (Colquitt et al., 2019).

Table 6

Study Strengths, Limitations, and Future Research

Beyond the need for updating prior DWB studies with a
new technology-based DWB measure and including new-
er working generations and remote and hybrid work envi-
ronments, there are other study strengths. A strong survey
development process was carried out, with built in safe-
guards (e.g., bot identifying item, authentication check
items, and unique second survey link), designed to ensure
the highest level of data integrity possible (Goodrich et

Paired Sample T-tests Comparing Three New Technology-Based Deviant Based Scales versus Robinson and Bennett Scales

for Remote, Hybrid, and In-Person Work Environments

Sample
1 (n=643) 2 (n =585)
Mean Mean )4

Scale comparison subtraction t(df) (two-tailed) subtraction t(df) (two-tailed)
Remote

Tb Time abuse—R&B Interpersonal 3.22-2.44 5.56(88) p <.001 3.80-2.96 4.96(75) p<.001

Tb Time Abuse-R&B Organizational 3.22-2.68 4.11(88) p<.001 3.80-3.23 4.06(75) p<.001

Tb Communication—-R&B Interpersonal 2.10-2.44 -3.28(88) p<.001 3.31-2.96 2.95(75) p=.004

Tb Communication—R&B Organizational ~ 2.10-2.68 -6.40(88) p <.001 3.31-3.23 .64(75) p<.53

Tb Production-R&B Interpersonal 2.61-2.44 2.22(88) p<.05 3.05-2.96 1.09(75) p<.28

Tb Production-R&B Organizational 2.61-2.68 -1.03(88) p<.3l1 3.05-3.23 -1.72(75) p=.09
Hybrid

Tb Time Abuse—R&B Interpersonal 2.89-2.40 7.63(355) p<.001 2.93-2.39 7.98(322) p<.001

Tb Time Abuse—R&B Organizational 2.89-2.51 6.56(355) p <.001 2.93-2.51 6.68(322) p<.001

Tb Communication—-R&B Interpersonal 1.98-2.40 -8.94(355) p<.001 2.68-2.39 5.31(322) p<.001

Tb Communication-R&B Organizational 1.98-2.51 -12.87(355) p<.001 2.68-2.51 3.35(322) p<.001

Tb Production—R&B Interpersonal 2.42-2.40 47(355) p<.64 2.39-2.39 -.04(322) p<.98

Tb Production-R&B Organizational 2.42-2.51 -2.48(355) p<.02 2.39-2.51  -3.84(322) »<.001
In-person

Tb Time Abuse—R&B Interpersonal 3.13-2.18 9.08(197) p<.001 3.03-2.12 8.08(185) p<.001

Tb Time Abuse—R&B Organizational 2.13-2.36 8.36(197) p<.001 3.03-2.28 8.33(185) p<.001

Tb Communication—R&B Interpersonal 1.78-2.18 -5.40(197) p <.001 2.29-2.12 2.19(185) p=.03

Tb Communication—R&B Organizational 1.78-2.36  -10.22(197) p<.001 2.29-2.28 .30(185) p<.77

Tb Production—R&B Interpersonal 2.05-2.18 -5.40(197) p<.001 1.95-2.12  -2.87(185) p=.005

Tb Production—R&B Organizational 2.05-2.36 -3.08(124) p=.003 2.15-2.28  -6.44(185) p <.001
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al., 2023). Unfortunately, these data integrity checks re-
sulted in a 30% incomplete data sample loss. However,
the demographics for this incomplete sample were con-
sistent with the complete data sample, suggesting that
these data integrity checks were useful to incorporate in
online survey research. The remaining complete data sam-
ple size of n = 1228 allowed for randomly splitting this
sample for separate EFA and CFA analyses, as well as
other results comparisons. The study research design is
less than ideal, i.e., self-report, cross-sectional, so that no
causality can be inferred. A one-factor test for method
variance (Podsakoff et al., 2003) found that 37% of the
variance was accounted for in Sample 1 and 38% in Sam-
ple 2. However, the very strong ratio of respondents to
items (N/K) well exceeding the recommended 10:1 ratio
for stable factor analysis (Hinkin, 1998) further increases
confidence that method variance alone is not driving the
self-report TODWB-related results. Although Berry et al.
(2012) concluded that self-reports were a viable source of
DWBEs, future research collecting ThODWB data from oth-
er sources, i.e., coworkers, supervisors, is needed to fur-
ther demonstrate the definitional correspondence
(Colquitt et al., 2019) of this new measure.

There are sampling limitations, across both samples, to
note beyond the 30% respondent loss. There were too few
Baby Boomer participants to analyze and even less Silent
Generation respondents, so that the study focused only on
Generation Z, Y and X, with Generation Y being domi-
nant of the three. Although Generation Y is overrepre-
sented in both samples, it is also expected to grow to 75%
of the US workforce by 2030 (Paczka, 2024). In addition,
the samples were predominantly White, with a bachelor’s
degree as the most frequent education degree, working in
a hybrid work environment, generally without a return-to-
office policy (RTO), and working primarily full-time.
Additional distinction of a hybrid work environment
would be useful in future research (e.g., two versus three
day in-person work requirement). There was a heteroge-
neous mix of industry respondents across the samples.
There were differences when comparing the two samples
by generation and work environment, e.g., TbCD versus
R&B scales. However, clearly additional heterogeneous
sample data with additional variables must be collected to
test the generalizability of the initial results found (e.g.,
company size). For example, there seems to be an in-
creased pressure for RTO in many organizations, espe-
cially larger ones, for 2025 (Dennison, 2024), which may
also lead to increased employee resignations, suggesting
job turnover/turnover intentions as a future variable for
measurement.

Future research needs to find a way to incorporate
TbDWB with newer non-technological DWB measures
such as quiet quitting (Galanis et al., 2023; Anand et al.,
2024) and coffee badging (Resources for Employers,
2023). DWB has been viewed as detrimental to an organi-
zation, including TbDWB. Emerging research on con-
structive deviance (Liu et al., 2021), incorporating newer
technology is also needed. Finally, updated research on
the financial cost of ThODWB should be done. To con-
clude, the promising new, broader ToDWB measure of-
fered here will be a useful addition to the DWB literature,
helping academic research to keep up with current trends,

as well as helping organizations deal more effectively
with DWB. One goal of this study is to stimulate contin-
ued research on employee voluntary DWB.
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