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This study explores the utilization of generative Artificial Intelligence (Al) to create racially ambig-
uous avatars for job candidate interviews, aiming to enhance inclusive hiring practices and reduce
implicit bias. With diversity recognized for boosting organizational performance, addressing hiring
discrimination becomes crucial. This research investigates how avatars can anonymize candidates'
racial identities, potentially transforming "blind" hiring to minimize subconscious biases. Through
an iterative pilot process engaging 30 female experienced-in-hiring participants with information
technology backgrounds, the avatars representing White, Asian, and race-neutral candidate females,
and corresponding candidate job descriptions, were refined, setting the foundation for a follow-up
field experiment. This experiment will examine avatars' effects on hiring recommendations and
decisions by managers, manipulating strong versus ambiguous candidate qualifications, contrib-
uting insights into overcoming implicit biases. The initial pilot findings here suggest promising
directions for technology's role in fostering equitable recruitment, providing a groundwork for fu-
ture studies on technology-enhanced inclusive hiring strategies.

The General Research Question

Amid the backdrop of rapidly evolving Al technologies
and their potential impact on the workforce, this study
seeks to address a pivotal query: Can generative Al be
used to create racially ambiguous avatars for future re-
search, aiming to foster inclusive hiring practices and
minimize implicit bias? Grounded in the notion that di-
verse workforces enrich organizations and broader society
(Hoogendoorn, et al., 2013; Kaczmarek & Nyuur, 2022),
this question not only delves into avenues for fostering
inclusivity but also promises profound insights into hu-
man behavior—a topic of keen interest to scholars in psy-
chology and sociology. Given the commercial novelty of
generative Al and the limited rigorous studies thus far on
avatar utilization in professional settings, this investiga-
tion holds promising significance for a broad audience,
encompassing managers, educators, human resource prac-
titioners, and other organizational stakeholders.

Literature Review

Workforce Diversity

Workforce diversity, defined as differences among peo-
ple within a work group, is crucial for organizational suc-
cess, enhancing performance through more heterogeneous
teams (Hoogendoorn, et al, 2013; Roberson, 2019). How-
ever, achieving diversity is challenging due to hiring dis-
crimination, which can occur at various stages of the hir-
ing process, from resume screening to the interview and

final selection, often manifesting as implicit racial in-
group bias (Dovidio & Gaertner, 2000). Despite wide-
spread support for equal treatment across races, a signifi-
cant racial discrepancy in hiring persists, largely attribut-
ed to implicit in-group bias, where individuals favor those
perceived as belonging to their own group (Coksan &
Cing6z-Ulu, 2022; Quillian, 2006; Quillian & Midtboen,
2021; Tajfel, 1979). This bias can lead to decreased or-
ganizational diversity, undermining efforts to build inclu-
sive workplaces (Young, 2022).

In Group Bias

Expanding on the topic of in-group and out-group for-
mation, in light of Dovidio and Gaertner's (2000) insights,
could significantly enhance the understanding of social
categorization theory's implications in intergroup rela-
tions. The work of Coksan and Cing6z-Ulu (2022) pro-
vides a compelling examination of how social categoriza-
tion group norms influence the relationship between
group identification and in-group bias, particularly among
ethnic groups with a history of conflict. Their findings,
rooted in social identity theory, suggest that in-group bias
becomes more pronounced with stronger group identifica-
tion when favoritism is the prevailing norm. This under-
scores the critical role of social categorization in shaping
individual and collective behaviors, offering a valuable
perspective on the mechanisms driving the formation of in
-groups and out-groups.

Copyright © Institute of Behavioral and Applied Management. All rights reserved.

Article citation: Trifilo, A. S., & Blau, G. (2024). Developing racially ambiguous job candidate avatars with strong versus ambiguous job candidate
backgrounds in preparation for a field experiment for enhancing inclusive hiring and reducing implicit bias. Journal of Behavioral and Applied Management,

24(1), 14-25.



15 Alexa S. Trifilo and Gary Blau

Physical Identity and Generative AI Image Generators

Could removing physical identity from interviews,
through "blind" hiring practices, reduce implicit racial in-
group bias? Quillian & Midtboen (2021) explored this in
the context of resume screening, suggesting less bias at
this initial stage. The proposal here extends to employing
generative Al to create standardized avatars for inter-
views, potentially masking racial cues and minimizing
biases. Generative Adversarial Networks (GANs), as in-
troduced by Goodfellow et al. (2020), and enhanced
through StyleGAN by Karras et al. (2019), represent sig-
nificant advances in Al-driven image creation, offering a
foundation for this approach. In this research, tools like
Bing Image Creator (Microsoft, n.d.) and Artguru
(ArtGuru, n.d.; Al4.Tools, n.d.) will be utilized. These
platforms demonstrate the capability of generative Al to
produce art based on textual prompts or user inputs, serv-
ing as models for generating avatars that obscure job can-
didates' racial identities.

Job Candidate Qualifications

Csonka-Peeren and Cozzarin (2021) presented a gen-
eral conceptual model for studying the impact of ambigui-
ty for entrepreneurship-related experiments. With regard
to hiring, prior experimental research (Dovidio &
Gaertner, 2000), using 194 white male or female psychol-
ogy undergraduates across two separate academic time
periods, i.e., 1988-1989, n = 112 and 1998-1999, n = 84,
found that while self-reported expressions of overt preju-
dice for hiring (against blacks) declined over time, more
subtle covert discrimination, i.e., implicit bias persisted.
This bias was particularly manifest in ambiguous simulat-
ed hiring situations, i.e., where the match between a black
candidate’s qualifications and position criteria was un-
clear. With ambiguous qualifications for a position, lower
hiring recommendations were made for black versus
white job candidates. However, generalizability using
samples of undergraduate students is low. This indicates
the need in further investigation for creating an ambigu-
ous situation to test the impact of avatars in mitigating
hiring bias based on race.

Implicit Bias Assessment

Implicit bias is based on the concept that despite their
overt denial, and even with organizational training to re-
duce bias, people may have automatic biases or prefer-
ences that operate outside their conscious awareness or
control Greenwald et al., 1998). Such bias can affect ad-
versely hiring decisions (e.g., Derous & Ryan, 2018; Lira
et al.,, 2017; Rooth, 2010), prejudice and discrimination
(Quillian, 2006), and intergroup attitudes (Greenwald et
al., 1998). For example, Rooth (2010) showed that Swe-
dish recruiters were less likely to invite Arab/Muslim
minority applicants to interview for positions when the
Arab/Muslim IAT identified that these recruiters had
more negative, implicit attitudes towards Arab/Muslims.

The Implicit Association Test (IAT) is a widely used
psychological tool designed to measure implicit biases or
unconscious associations between different concepts or

social groups (Greenwald et al., 1998). It has been applied
in research studies examining implicit biases in hiring
decisions (e.g., Derous & Ryan, 2018; Rooth, 2010), prej-
udice and discrimination (Quillian, 2006), and intergroup
attitudes (Greenwald et al., 1998).

Specific Research Question Addressed

Based on this literature review, the more specific re-
search question addressed in this study is: Can racially
ambiguous job candidate avatars with strong versus am-
biguous job candidate qualifications be developed in
preparation for a field experiment for enhancing inclusive
hiring and reducing implicit bias?

Method

Participants

The participants for this study included thirty females
selected from a large technology company. These partici-
pants self-identified as White/Caucasian or Asian, cur-
rently reside in the United States, and have either com-
pleted interviewer training or are experienced interview-
ers. Given the nature of their employment, all participants
were familiar with advanced communications technolo-
gies, including video and web conferencing. This ensured
that all individuals involved had the necessary experience
and skills pertinent to the study's requirements.

Participants in the study volunteered for a variety of
reasons, reflecting a mix of personal interests, community
involvement, and aspirations for professional develop-
ment. A significant motivation was the study's Al image
generation nature, attracting individuals keen on explor-
ing new technology alongside the potential for personal
growth. The desire for community connection and support
was another major factor; participants were eager to use
the study as a means to connect with others, especially
focusing on supporting women's goals and ambitions.
This demonstrated the importance they placed on forming
meaningful connections and contributing to a shared
cause. Altruism also played a crucial role, with several
participants expressing a willingness to help and support
others, showing a commitment to positively contributing
to their communities.

Data Collection

The research methodology employed in this study was
inherently iterative, designed to refine and enhance the
survey instrument through continuous feedback loops.
The methodology was meticulously structured around
thirty participants, divided into three groups of ten. Each
group sequentially completed the survey via the Qualtrics
platform and then each subject participated in a thirty-
minute in-depth interview session within 24 hours of sur-
vey completion. This cycle of survey and interviews
spanned approximately one week for each group, fol-
lowed by a week dedicated to analyzing the collected re-
sponses and feedback before progressing to interviews
with the subsequent group. Data collection occurred from
December 2023 into January 2024. Based on the insights
gained from this analysis, modifications and updates were
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be made to the survey, job description, avatar-based video
vignettes, etc. to better capture the nuances of the partici-
pants' experiences and perspectives. This iterative cycle
ensured that the survey evolved in response to the real-
world applicability and accuracy of the questions, leading
to more reliable and valid data collection across succes-
sive groups. University IRB approval was given on
11/8/23 (#31085).

Measures

The individual item variable measures used were: Gen-
der (all female); Race (White or Asian); Completion of
interviewer training (as hiring manager or individual con-
tributor); Number of hiring interviews involved in; Years
worked current company; Role within the organization
(sales or other); Generational identification (Baby Boom-
er, Generation X, Generation Y, Generation Z); Self-
assessed racial bias (where 1 = strongly disagree to 7 =
strongly agree) ; IAT self-assessment (where 1 =Strong
Automatic association of Euro Am with American and
Asian Am with Foreign to 7 = Strong Automatic associa-
tion of Asian Am with American and Euro Am with For-
eign);  Qualification  manipulation of candidate
(ambiguous versus strong); Perceived assessment of how
well the candidate’s skill set met the job requirements
defined in the job description (where 1 = extremely am-
biguous to 9 = extremely strong); Does the company cur-
rently use avatars in hiring (yes, no); and Participant com-
fort level with using avatars in hiring processes (where 1
= extremely uncomfortable to 9 = extremely comfortable).

Data Analysis

NVivo (2020) was employed to organize and scrutinize
interview data, providing a structured platform for in-
depth analysis. The software facilitated the segmentation
of text into meaningful themes and categories, allowing
for a granular examination of interview transcripts. With
NVivo's advanced query capabilities and visualization
tools, it was possible to trace recurring patterns and con-
struct detailed narratives. This data served as a basis for
enhancing various aspects of the planned-for field experi-
mental design, including the formulation of survey inquir-
ies and the creation of video vignettes.

Results

Sample Demographic

Table 1 outlines a comprehensive demographic and
background profile of the participants involved in the
study. All 30 participants are female, with a majority
identifying as White (83%) and a smaller portion as Asian
(17%). Their roles in the organization are predominantly
within sales (90%), reflecting a strong business orienta-
tion. With respect to generational demographics, the sam-
ple is diverse, spanning from Baby Boomers to Genera-
tion Z, with Generation X being the most represented at
50%. Table 1 further details the participants' experience
level, with an average of 49.3 hiring interviews conducted
and an average tenure at their company of 11.8 years. The
participants' self-assessment on racial bias reveals a spec-

trum of viewpoints, and their Implicit Association Test
(IAT) results provide an insight into subconscious associ-
ations between ethnicity and national identity. Lastly,
Table 1 also explores the participants' comfort levels with
interacting with avatars in hiring, a novel aspect of the
study that was introduced after initial pre-testing with 10
respondents.

Avatar Creation

This study's success hinges on the avatars being credi-
ble, competent, and racially neutral. Avatars, by defini-
tion, are digital entities characterized by anthropomorphic
appearances, and they possess the capability to engage in
interactions, whether controlled by a human or software.
(Miao et al., 2022). Anthropomorphism refers to the act of
ascribing human characteristics, attributes, or emotions to
entities, objects, or animals that are not inherently human.
Studies indicate that the perceived level of anthropomor-
phism in an avatar directly correlates with its perceived
credibility and competence (Westerman et al., 2015).

People often categorize racially ambiguous figures as
'other’, an outcome the study aimed to avoid (Albuja et al.,
2023). To accomplish this, an iterative process was con-
ducted. In step one, three avatar images were created us-
ing Bing image creator and were presented to a focus
group of students in a Doctorate in Business Administra-
tion (DBA) program, encompassing diverse demographics
(Microsoft Corporation, 2023). Neutral facial features,
medium skin tones, and non-racially specific hair and eye
colors were used. In assessing relatability and racial ambi-
guity, Avatar C ranked highest, with Avatar B close be-
hind.

Step two used ArtGuru’s Al Art Generator to then re-
fine the avatars, enhancing their features to avoid stereo-
types and promote anthropomorphism (ArtGuru, n.d.).
Refinement was complemented with feedback from both
Al assessments and DBA student evaluations, creating a
feedback loop that grounded the design process in both
objective data and subjective human perception. Six vari-
ations of each image were generated and evaluated, re-
sulting in Avatar 1 and Avatar 4 being identified as fe-
male, least racially identifiable, and the most relatable.

For step three, eight female professionals, matching the
criteria for participation in the study, were then engaged
to evaluate the avatars. They reviewed sample videos with
Avatar A and B, an Asian Avatar, and a White Avatar,
from the stock videos available from D-ID, and noted
their observations on the avatars’ racial characteristics
and relatability (D-ID, n.d.). The feedback provided a
consensus that race was the most noticeable difference
among the avatars, with varied individual responses to
racial identification, especially for Avatar A. This group's
preference for Avatar B's relatability, as shown in Table
2, was significant in the final selection process.

These images were then run through two Al platforms,
based on language models that utilize deep learning, spe-
cifically transformer architectures, to generate human-like
text based on the input it receives (Microsoft Corporation,
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Table 1
Sample Demographic and Background
Variable (n=30)
Gender
Female n =30 (100%)
Race
White n=25(83%)
Asian n=>5(17%)
Completed Interviewer Training as
Hiring Manager n =14 (47%)

Individual Contributor

n=16(53%)

Number of Hiring Interviews Involved in Mean =49.3

SD = 39.16; Range: 1 to 124
Years Worked at Company Mean = 11.80

SD =6.39

Role in Organization’s Business
Sales

=27 (90%)

Other (e.g., sales support, operations) n =3 (10%)
What Generation Do You Identify As
Baby Boomer (1946-1964) n=3(10%)

Generation X (1965 to 1980)
Generation Y (1981 to 1996)

n=15 (50%)
n=11(37%)

Generation Z (born after 1996) n=13%)

Consider Yourself Racially biased in any Way
Strongly Disagree n=>5(17%)
Disagree n=13 (43%)
Somewhat Disagree n=2(7%)
Neither Agree nor Disagree n=5(17%)
Somewhat Agree n =3 (10%)
Agree n=2(7%)
Strongly Agree n=0

IAT Results

1 - Strong Automatic association of Euro Am with American and Asian Am with Foreign n="7(23%)

2 - Moderate Automatic association of Euro Am with American and Asian Am with Foreign n=7(23%)
3 - Slight Automatic association of Euro Am with American and Asian Am with Foreign n=0

4 - Little to no automatic preference between ethnicity and American or Foreign
5 - Slight Automatic association of Asian Am with American and Euro Am with Foreign

n=06(20%)
n=6(20%)

6 - Moderate Automatic association of Asian Am with American and Euro Am with Foreign n=4(13%)

7 - Strong Automatic association of Asian Am with American and Euro Am with Foreign n=0

Qualification Manipulation Breakdown of Candidate
Ambiguous n=15
Strong n=15

How well do you think the candidate’s skill set met the job requirements defined in the job Mean = 6.43
Description, where 1 = extremely ambiguous to 9 = extremely strong SD=1.99

Does Company Currently Use Avatars in Hiring (not initially asked while pre-testing avatars)

No

=20 (100%)

How comfortable were you interacting with the Avatar (n = 20)
Extremely Uncomfortable
Quite Uncomfortable
Somewhat Uncomfortable
Slightly Uncomfortable
Neither Uncomfortable or Comfortable
Slightly Comfortable
Somewhat Comfortable
Quite Comfortable
Extremely Comfortable

n=2(10%)
n=1(5%)
n=1(5%)
n=35(25%)
n=3(15%)
n=4(20%)
n=2(10%)
n=2(10%)
n=0

2023; OpenAl, n.d.). These platforms were asked to iden-
tify the race of the image. Examples of participant re-
sponses include:

(Avatar A) “The image appears to depict a humanoid
robot or android. Robots and androids do not have a race
as they are machines and not biological beings.”

(Avatar B) “The image appears to depict an animated or

digital character. It's important to note that animated or
digital characters don't have real-world racial identities in
the same way humans do. Their features and designs are
created by artists, and they might be influenced by various
stylistic or cultural elements, but they don't belong to any
specific "race" in the traditional sense. If you're asking
about the intended ethnic or cultural inspiration for the
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Table 2
Summary of Human Identification of Avatar Traits

18

Avatar ID’d as ID’d as ID’d as ID’d as ID’d Could Slight White  Favored for
White Asian Robot None as Al not ID resemblance  relatability

White 8 0 0 0 0 0 0 N/A

Asian 0 8 0 0 0 0 0 N/A

Avatar A 1 0 4 2 1 0 0 1

Avatar B 0 0 | 0 5 1 1 7

gating these complexities. This rigorous, iterative process

character's design, that would require context or underscored the intricate task of crafting an avatar free

knowledge about the character's origin or backstory.”

The iterative process and final avatars can be seen in
Figure 1. Throughout the process, the nuanced relation-
ship between design choices and viewer perceptions was
observed. This iterative, data-informed approach, integrat-
ing Al and human feedback, proved essential in navi-

Figure 1
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Avatar Candidate Qualification Creation Process

A comprehensive job description was crafted using a
large technology company's repository of interview ques-
tions and job descriptions. Additionally, two distinct vid-
eo interview transcripts were developed: one with re-
sponses that ambiguously matched the job requirements,
using interview tips to subtly craft answers that demon-
strate potential rather than direct experience; and another
with responses that strongly matched the job criteria,
demonstrating a clear and direct alignment with the role's
expectations.

Creative Reality Studio by D-ID was used to create the
video vignettes. “D-ID’s Creative Reality Studio is a self-
service platform featuring the best generative Al tools to
enable users to create videos with moving and talking
avatars. Combining the powers of D-ID’s deep-learning
face animation technology with GPT-3 text generation,
and Stable Diffusion text-to-image capabilities .... to cre-
ate amazing and cutting-edge videos with the power of
artificial intelligence” (D-ID, 2023, para. 1). Uniformity
was maintained across all videos by using the same voice,
both for the interviewer and the candidate, as well as
maintaining consistent expressions.

Pilot One

Pilot one engaged ten participants who, after complet-
ing a survey, underwent semi-structured interviews based
on a predefined protocol. The interviews were analyzed
using NVivo software to identify themes, as illustrated in
Figure 2. Feedback on the survey was unanimously posi-
tive, praising its structure, clarity of questions, and overall
comprehensibility.

During the interviews, participants were shown images
of avatars and asked to identify their gender and race.
This exercise yielded high agreement rates, detailed in
Table 3, particularly for the 'White' and 'Asian' avatars,
with 90% identifying the '"'White' avatar as female and
white, and 100% recognizing the 'Asian' avatar as female
and Asian. The 'Blue Avatar', however, was predominant-
ly seen as female but with an 'unknown' race by 90% of
participants. Based on this feedback, the avatar designs
will be retained for future study phases.

Feedback highlighted the need for more succinct job
descriptions. In response, the description has been meticu-
lously condensed to encapsulate essential information
more succinctly. Additionally, there was a call for inter-
view responses to include more illustrative examples.

Participants' quotes include:

"I would have preferred to probe with more targeted
questions."

"Despite the extensive dialogue, the candidate's failure
to provide specific examples left me unconvinced of their
suitability for the role."

Responding to critiques about the avatars' speech pace,
video speeds were adjusted to 80% of the original. Partici-
pants desired evidence of preliminary candidate screening
and preferred to influence advancing candidates rather
than making final hiring decisions. Consequently, survey

adjustments were made to reflect these preferences, aim-
ing to enhance the study's focus on inclusive hiring and
bias reduction.

Pilot Two

Pilot two built on the findings from the first, with ten
new participants completing a revised survey and engag-
ing in semi-structured interviews using the same protocol
as before. The data were analyzed with NVivo (2020),
revealing themes captured in Figure 2. The survey re-
ceived positive feedback for its design and clarity, similar
to the first pilot. Participants showed a high consensus in
identifying the gender and race of avatars, detailed in Ta-
ble 3, for entries 11-20. Specifically, 100% of participants
identified both the 'White' and 'Asian' avatars correctly in
terms of gender and race. The 'Blue Avatar', while unani-
mously recognized as female, had 80% of participants
uncertain of its race, often labeled as 'unknown'. These
findings confirmed the suitability of the current avatar
designs for further study stages.

Participants expressed a desire for clearer information
on the evaluation criteria before viewing interview videos.
One noted, "I wish I had known what the questions were
before (watching the interview)." This led to modifica-
tions to improve question instructions' specificity and
clarity. There was confusion about the interview process's
aim, with some unclear if it was for a final hiring decision
or advancing to another round, prompting questionnaire
adjustments to clarify this.

Feedback also indicated a need for a better understand-
ing of the company's culture to make informed decisions,
leading to an enriched job description with more cultural
details. Additionally, there was uncertainty about the
number of candidates to be evaluated, expecting a format
more akin to real interview scenarios. This resulted in
guideline revisions for clarity on evaluating a single vid-
eo. The inability to ask follow-up questions was noted as
a limitation, with one participant stating, "without the
ability to ask questions I can’t make a call on a candidate
in general." Though interactive questioning wasn't feasi-
ble for this survey, this feedback will be considered for
future study limitations.

Analysis showed that participants' confidence in mak-
ing hiring decisions varied with the candidate's qualifica-
tion clarity. Those evaluating candidates with a strong
match felt more informed (42%) compared to those as-
sessing candidates with ambiguous qualifications (11%),
highlighting the importance of clear qualification match-
ing in decision-making confidence.

Pilot Three

Pilot three, continuing from the previous pilots, in-
volved ten new participants who completed a revised sur-
vey and engaged in semi-structured interviews using the
established protocol. NVivo (2020) software helped ana-
lyze the data, revealing themes illustrated in Figure 2.
Similar to earlier feedback, participants praised the sur-
vey's structure and clarity. The majority accurately identi-
fied the gender and race of avatars, with uniform agree-
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Figure 2
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Iterative First Order Categories and Action Items — Three Iterative Pilot Studies

First Order Categories Action Items
*  Not Enough Data

*  Not Real Word

*  Need more Information

*  No Personality
*  Too Scripted

*  Would ask more questions

*  More specificity

*  Specific Examples

. More specific to the industry
*  Need Stories

*  Next Steps

Add more details to the interview response l

Revise interview responses to include more personality

Add specific examples of actions to interview responses

*  Move to Next Round

- l Change from Hiring Decision to "Move to Next Round of Interviews?

*  Not enough for final decisi

*  Too much info

*  Job description too long | Shorten Job Description

*  Asked to focus on too many things

*  Assumption of Truth
*  Is Background proven I Proof of Background Check/Vetting |
*  Prior experience

Pilot One

First Order Categories

* Know the questions before watching the video

Action Items

* Go back to watch the video after seeing the questions

~ Give more clarity and details about the questions to come

* Back and forth buttons between questions and videos

* Move to next round vs. hiring decision was unclear
* Missed the move to next round instruction

+ Need more info about the company culture
* Add what the culture of the company is to the job description

+ Understand the company culture better

Expected to compare two candidates (two videos)

* Rated more harshly because | thought there would be another video

Compare candidates to make better recommendations

H Clarify recommendation to final round

Add a better description of the company culture to the job description.

\\ 1 Clearly state only one video will be viewed

Just speaking to 1 candidate isn’t enough, rather have varying perspectives

* Ask follow up questions to initial answers

« Back and forth to delve deeper into answers

* Missed pieces of information because lacking that interactive piece
* Ask my own questions

Pilot Two

First Order Categories

* Didn’t know | could replay the video [
* Wasn't clear the video could be viewed more than once

* Wanted to interact with the candidate

* If  was making a ‘real world’ decision, I'd like more details
* Would like to ask follow up questions

* Need to go back and forth with the candidate

Pilot Three

ment on the "'White' and 'Asian' avatars as female and of
their respective races, as shown in Table 3, for entries 21-
30. The 'Blue Avatar' saw consensus on gender but not
race, with 70% labeling its race as 'unknown'.

The feedback led to maintaining the avatar designs for
future study phases. Participants preferred the strong in-
terview transcript over the ambiguous one, with a 97%
agreement rate. Adjustments were made for clearer video
replay instructions. The limitation of not enabling follow-
up questions was highlighted, with a participant noting,
"Interactive conversation is where you can really dig in

Cannot be addressed in the current survey format.
Limitation noted

Action Items

Bold and make more prominent instruction for replaying

Cannot be addressed in the current survey format.
Limitation noted

and candidates will shine or trip up.” This feedback, espe-
cially from those viewing the ambiguous fit interview,
underscores the importance of interactive elements in
interviews, a consideration for future research discus-
sions.

Overall Pilot Results

Final Survey

By the end of Pilot Three, participants demonstrated a
consensus on the enhanced clarity of the job description,



21

Table 3

Iterative Identification of Avatar Features

Alexa S. Trifilo and Gary Blau

Subject White Avatar White Asian Avatar  Asian Avatar Avatar Avatar Race
Gender Avatar Race  Gender Race Gender Assumption
Assumption Assumption  Assumption Assumption Assumption

1 Female White Female Asian Female Al generated

mixed race

2 Female White Female Asian Female No

3 Female Caucasian Female Asian Female Couldn't Tell

American
4 Female White Female Asian Female Can't tell
American
5 Female White Female Asian Female Avatar
6 Female White Female Asian/Mix Female Really Hard -
European Mix
7 unknown unknown Female Asian unknown unknown
8 Female Caucasian Female Asian Female Couldn't
Tell/Mix

9 Female Caucasian Female Asian Female Do not know

10 Female Caucasian Female Asian Descent Female Cannot Tell

11 Female White Female Asian Female No

12 Female White Female Asian Female Cannot Tell

13 Female White Female Asian Female Can't distinguish

14 Female White Female Asian Female Ambiguous

15 Female Caucasian Female Asian Female Unclear/ some

sort of European

16 Female Caucasian Female Asian Female Not really sure

17 Female White Female Asian Female No

18 Female Caucasian Female Asian Female Gets Harder/

maybe European

19 Female Caucasian Female Asian Female Not Sure

20 Female Caucasian or  Female Asian Female Mixed

Latina
21 Female Caucasian Female Asian Female probably
Caucasian

22 Female European Female Asian Female Can't tell

23 Female Caucasian Female Asian Female No

24 Female European Female Asian Female Alien

25 Female Caucasian Female Asian Female Like European

26 Female Caucasian Female Asian Female I have no idea

27 Female Caucasian Female Asian Female Don't know

American

28 Female White Female Asian Female Caucasian

maybe

29 Female American Female Asian Female I don't know

30 Female Caucasian Female Asian Female I have no idea

interview content, and survey questions, reflecting the
effective modifications made in response to previous
feedback. The iterative improvements in survey design,
clearer instructions, and more detailed company cultural
information contributed to a more straightforward and
comprehensible process for the participants, including the

ease of interacting with the IAT components. Overall par-
ticipant gender and race assumptions were: for the White
avatar: 97% female and 97% White; the Asian avatar:
100% female and 100% Asian; and the Blue avatar: 97%
Female, 83% Unknown and 17% Maybe European/
Caucasian. Thus, these avatars will be used for the experi-
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mental study. By the end of the pilot study, the saturation
point had been reached (NVivo, 2020), and no additional
modifications were needed.

Feelings about the IAT

Responses to the Implicit Association Test (IAT) show-
cased a range of emotional reactions, highlighting the
test's ability to provoke deep personal reflection on in-
grained biases. One participant's comment, "I didn’t like
answering the questions, (but) it’s what I was taught,"
encapsulates the discomfort arising from confronting
learned biases, suggesting an internal conflict between
current beliefs and ingrained teachings. Another partici-
pant described the experience as "awkward and uncom-
fortable," a reaction that underscores the emotional disso-
nance and cognitive challenges posed by the test. These
expressions, combined with the score distribution in Table
1, reveal the IAT's effectiveness in surfacing subcon-
scious biases, leading to self-awareness and potential dis-
comfort due to the recognition of previously unrecognized
or unacknowledged biases. Such reactions emphasize the
emotional complexity of addressing implicit biases,
demonstrating the IAT's role in fostering personal growth
and understanding of deep-seated attitudes and condition-
ing.

Ambiguous Versus Strong Job Candidate Qualification
Manipulation Check

The Mean (M) for perceived job candidate qualifica-
tions for the ambiguous qualification manipulation was M
= 5.80 versus for the strong qualification manipulation it
was M =7.07. A one-tailed t-test, found t (28) = -1.81
(where 1 = Ambiguous, 2 = Strong), is p <.05. This result
supports the effectiveness of the vignette depiction of
ambiguous versus strong candidates.

Discussion

Proposed Field Experiment

Following the successful pilot, the field experiment will
be launched to test the research question: To what extent,
and in what ways, can utilizing avatars to mask racial
identity during the interview process mitigate implicit in-
group bias? The independent variables in this research are
candidate race and qualifications, and the dependent vari-
ables are hireability of the candidate. The participants’

existing implicit bias as measured by the IAT Test will be
used as a moderator.

To achieve a sample size of 1,000 participants, with an
equal distribution of 500 White and 500 Asian individu-
als, recruitment will be conducted through an online
crowdsourcing platform (SurveySwap, n.d.). This strategy
is effective for engaging a virtual workforce and ensuring
a balanced representation of demographic variables. The
platform's wide reach and diverse user base will be instru-
mental in meeting the targeted recruitment numbers, facil-
itating a well-distributed and ample participant pool for
the study.

Participants will read a job description, then watch a
video vignette of one candidate answering interview ques-
tions. After screening, eligible participants will be ran-
domly assigned to one of six video vignettes in a two
(qualifications: clearly strong or ambiguous,) x three (race
of candidate — represented as an Asian avatar, a White/
Caucasian avatar, and a racially unidentifiable avatar)
design like the process conducted by Dovidio and
Gaertner (2000) as seen in Table 4. These vignettes will
be less than 5 minutes long and participants will be given
the opportunity to rewatch if they choose. The partici-
pants will then be asked a series of questions designed to
assess hireability of the candidate.

Finally, they will be asked to take the IAT to identify
the existing implicit bias level of the participants (Project
Implicit, n.d.). It is important to note that the IAT is not
without its criticisms and limitations. Some argue that the
IAT may not always accurately capture implicit biases or
predict behavior in real-world settings (Fazio & Olson,
2003).

Research Contribution

The research presented in this paper significantly con-
tributes to the existing literature regarding the develop-
ment of generative Al avatars to be used for hiring in the
workplace. It also shows how there can be a disconnect
between experienced hiring manager self-assessments
denying racial bias versus IAT results revealing such bias,
as seen in Table 1. It begins to delve into an innovative
exploration of how these digital personas can be used in
hiring situations. Combining candidate avatars with the
successful manipulation of perceived strong versus am-

Table 4
Experimental Treatment Combinations
Candidate Race
White Asian Avatar
Candidate Strong H1r1pg-related lelpg-related lelpg-related
Qualification Variables Variables Variables
Ambiguous Hiring-related Hiring-related Hiring-related
Variables Variables Variables
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biguous candidate qualifications, sets the stage for testing
their influences on interviewer hiring recommendations.
Such testing will hopefully extend the scholarly discourse
within the realms of discrimination, stereotyping, implicit
attitudes, and group identity, as previously discussed in
seminal works by Dovidio and Gaertner (2000), and Lee
et al. (2015).

Limitations

The limitation of the interviewer not being able interact
directly with candidates represents a significant challenge
in the context of this study. Interaction often provides
depth and nuance that static survey responses or avatar
representations cannot capture. The absence of a dynamic
exchange means that evaluators are deprived of the oppor-
tunity to probe deeper into a candidate's responses, to seek
clarification, or to gauge reactions to unplanned follow-up
questions. This restriction can lead to a superficial assess-
ment, potentially glossing over the candidate's full range
of abilities, personality traits, and the subtleties of their
thought processes. It also means that the spontaneous ele-
ments of human interaction, such as body language, tone
of voice, and the ability to build rapport, are missing,
which could otherwise offer valuable insights into the
candidate's suitability for a role.

The exclusive use of the Implicit Association Test
(IAT) to measure implicit bias towards Asians may not
fully encapsulate the complexity of such biases. A test-
retest reliability of each participant's IAT score would
ideally substantiate the findings, yet this is formidable to
execute. The study focuses on the ramifications of candi-
date race and qualifications on hiring decisions, a perti-
nent aspect, yet it does not account for other influential
variables like candidate experience, interview perfor-
mance, and organizational factors that might also sway
recruitment outcomes (Bertrand & Mullainathan, 2022).

The pilot study focus is limited due to the exclusive
selection of female hiring managers and experienced hir-
ing contributors from a technological corporation in the
United States. This sample will be extended across tech-
nology corporations in the field experiment which will
affect the generalizability of its findings across different
industries and organizational contexts, as discussed in
Bertrand and Mullainathan (2022). This limitation is par-
ticularly notable given the study's pilot sample and future
experiment sample do not explore the intersectionality of
multiple diversity characteristics, such as race and gender,
due to its all-female participant base. Additionally, the
focus on only Asian and White/Caucasian participants
does not capture the full spectrum of workforce diversity,
and the reliance on self-identification for racial categori-
zation might not accurately reflect participants' cultural
backgrounds or experiences, potentially introducing bias
into the research outcomes. As such this current research
underscores the need for future research to address the
intersectionality of race and gender, particularly in the
context of Al-facilitated hiring practices. Thus, this study
sets the stage for more comprehensive inquiries that can
provide a deeper understanding of diversity, equity, and
inclusion within organizational settings.

Ethical Implications

Venturing into the practice of anonymizing identities
during the interview process brings forth an array of ethi-
cal considerations that intertwine with challenges pertain-
ing to authenticity, fairness, and ethical conduct in hiring.
The rationale for anonymizing a candidate's identity lies
in reducing biases associated with visible traits such as
gender, ostensibly to foster a more impartial hiring proce-
dure. However, this brings forth complexities concerning
the sincerity and comprehensive evaluation of a candi-
date. The act of masking one’s identity may engender a
sense of discomfort or inauthenticity, potentially affecting
the candidate's performance during interviews adversely.
Such obfuscation can hinder authentic interactions be-
tween the interviewer and the candidate, veiling the can-
didate’s self-presentation—a critical element in the evalu-
ation process. Given that the perceptions of others partial-
ly determine various material, social, and personal out-
comes for an individual, the emphasis on being perceived
positively is understandable (Brown & Levinson, 1987,
Leary et al., 1994). A thorough contemplation of the rami-
fications of obscuring identity during the hiring process is
imperative to ensure the best interests of both the candi-
date and the organization are preserved. The distribution
of pilot sample scores for comfort level when interacting
with the avatar supports this. It's important to balance
reducing bias with maintaining a transparent and authen-
tic interview process.

Using Al-generated avatars with racial identifiers for
candidate representation during interviews poses ethical
challenges. This approach may unintentionally emphasize
racial distinctions, affecting impartiality in evaluation.
The intention to foster inclusivity could backfire by sim-
plifying complex identities into broad, potentially inaccu-
rate categories. Ensuring fairness requires scrutinizing
how these avatars are created to prevent embedding or
magnifying biases. It's essential for developers and organ-
izations to carefully consider the impact of such technolo-
gy, prioritizing ethical guidelines to uphold the integrity
of the hiring process. Engaging diverse perspectives in the
development and review of these systems can help ad-
dress these concerns, ensuring that innovation does not
compromise ethical standards.

Future Research

There are many avenues for future research, extending
the finding here and delving into adjacent topics. Intro-
ducing interactive Extended Reality (XR) avatars into
future studies could mitigate this limitation significantly.
By simulating a more realistic interaction scenario, evalu-
ators could engage with virtual representations of candi-
dates in a controlled yet flexible environment. This tech-
nology would allow for the nuanced interaction that is
currently missing, providing a platform for follow-up
questioning and the assessment of non-verbal cues.
Through XR, evaluators could experience a candidate's
responses in real-time, allowing for an evaluation that
more closely mirrors an in-person interview. This could
enhance the reliability of the assessment outcomes and
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offer a more holistic view of the candidate, thus overcom-
ing one of the critical limitations of the current study de-
sign.

Expanding the participant pool would enhance the gen-
eralizability of the findings, future research could include
participants from a wider range of industries or organiza-
tions, encompassing both male and female participants,
and participants of other races. This would help to explore
the effects of avatars and implicit biases in various con-
texts. This research focuses on candidate race and qualifi-
cations, there may be other variables that influence hiring
decisions. Exploring factors such as candidate experience,
interview performance, personality traits, or organization-
al characteristics could provide a more comprehensive
understanding of the hiring process and potential biases
(Kristof-Brown, 2000).

The potential of artificial intelligence (Al) to assess
deeper-level aspects of diversity, such as cognitive think-
ing styles, values, and attitudes, presents a complex blend
of opportunities and challenges. Al's capability to conduct
nuanced assessments can offer profound insights into hu-
man diversity, enabling predictive modeling and the de-
tection of biases to promote fairness and inclusivity in
various societal contexts. However, ethical concerns re-
garding privacy, consent, and the risk of data misuse, cou-
pled with the inherent complexity of accurately capturing
the multifaceted nature of human diversity and the poten-
tial for biases within Al algorithms, necessitate a cautious
and multidisciplinary approach. Future research must
therefore prioritize the development of ethical frame-
works, enhance the accuracy and fairness of Al tools, and
encourage interdisciplinary collaboration. By addressing
these challenges, Al has the potential to significantly con-
tribute to a deeper understanding of diversity, leading to
more inclusive and equitable communities.

Exploring the potential of Al to proactively identify and
recruit candidates who bring both deep-level and surface-
level diversity into organizations represents a compelling
direction for future research. This approach to leveraging
Al in hiring processes goes beyond merely mitigating
biases; it involves actively seeking out candidates whose
diverse experiences, cognitive styles, values, and back-
grounds can contribute to a richer, more innovative organ-
izational culture. Such a strategy recognizes diversity as a
key driver of organizational success, enabling companies
to tap into a broader range of perspectives, problem-
solving approaches, and creative ideas. By utilizing Al
algorithms designed to highlight not just qualifications
but also diverse attributes and potential contributions to
organizational diversity, companies can foster a more
inclusive environment. This not only enhances their com-
petitive advantage but also aligns with broader goals of
equity and inclusion. Future studies could investigate the
efficacy of Al tools in this capacity, assessing how they
can be optimized to support strategic diversity objectives
and contribute to the cultivation of a diverse and dynamic
workforce.

Conducting a longitudinal study over an extended peri-
od could reveal how implicit biases and the impact of
avatars and XR in the workplace evolve over time. This

approach would provide valuable insights into the long-
term effects and potential changes in biases and behav-
iors.
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